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This supplementary material provides additional qualitative results and details
on our method and experiments. First we present random results similar to the
ones presented in Figure 3 and 4 of the paper, both in the supervised and the
unsupervised setting. Second, we detail the Gaussian pooling of the encoder
features and the spatial transformation of the sprites onto the target canvas.
Third, we detail the procedure of extracting exemplars and comparing with SSIM
on MFGR, and show examples of exemplar diversity. Fourth, we present the
algorithm and the methodology we have used to associate sprites to characters
for our quantitative evaluation in the unsupervised setting. Finally, we detail the
way we adapted MarioNette [7] and DTI-Sprites [5] to construct unsupervised
baselines for our task.

1 Additional results

We provide further randomly drawn examples of reconstructions both for Google1000
Figure 1 and for the Copiale cipher Figure 2 from their respective test sets for
both the supervised and the unsupervised version of our method. In the begin-
ning of each figure we locate the sprites learned by each method and to which
unique colors have been assigned. Below it follow triplets of ground-truth images,
reconstructed images and colored segmentations (with the same colors as the
ones displayed in the beginning) for a set of randomly drawn examples for each
dataset. Note that really similar characters will be assigned to different colors if
they are reconstructed by different sprites.

2 Method details

Gaussian Pooling In order to compress (channel-wise) the two dimensional
H/4 × W/4 output of the encoder to a one dimensional W/16 vector, we use a
Gaussian pooling. Concretely, we perform the convolution of the output with a
Gaussian kernel κ of size H/4 × 4, with no padding and with a horizontal stride
of 4. The kernel κ is defined ∀(i, j) ∈ [1,H/4]× [1, 4] as κ[i, j] = κ̂[i, j]/

∑
ij κ̂[i, j],
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(a) Supervised (b) Unsupervised

Fig. 1: Random results on Google1000 [8] with and without supervision.
The top of the figure shows the sprites learned by our method, colored as in the
semantic segmentation. Then, for each input line (top) we show the reconstruction
provided by our method (middle) and the corresponding semantic segmentation
(bottom). This figure extends Figure 3 of our paper.
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